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Overview of Aeroengine Health Management Technology
ZHAO Shuang',LI Feng’, ZHANG Rui', WU Xin', HAN Chong—peng'
(1.AECC Shenyang Engine Research Institute , Shenyang 110015, China;2.Second Military Representative Office of Air Force
Equipment Deparment Stationed in Shenyang Area, Shenyang 110042, China)

Abstract: Aeroengine health management is one of the important means to improve engine safety,reliability,and maintainability.It is
an integral part of engine operation and maintenance and serves as the foundation for transitioning from scheduled maintenance to
condition—based maintenance.To clarify the needs and development context of aeroengine health management system design,based on the
basic connotation and functions of engine health management systems,this paper reviews domestic and international health management
standards and specifications, development of key technology developments, and the applications of military and civil aeroengine health
management systems,and analyzes the current status gaps in aeroengine health management technology development at home and abroad.
Based on the health management functions specified in domestic and international standards and specifications,as well as the comparative
analysis of key technologies and core algorithms in health management, it is believed that aeroengine health management should develop
towards improving forward design capabilities,promoting the continuous maturity of algorithms such as fault diagnosis and prediction.
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